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Introduction HCR™ Pro RNA-ISH Platform

RNA-ISH has rapidly achieved prominence within translational research,
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counts and a deeper understanding of RNA expression within the complex tumor microenvironment. Expansion

Here we present findings using orthogonal methods of dot counting and assignment: (1) human-interpreted scoring (N=4),
(2) Al-enabled scoring based upon IHC membrane stain, and (3) software-enabled scoring based upon nuclear expansion
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With Dots e Based upon these initial findings, we propose two primary conclusions:

Results: Al Counting

Hematoxylin-only. Top row. This method uses the
hematoxylin counterstain as a basis to find nuclei, and
then expands the nuclear region to create a
cytoplasmic area around that, which is by far the most
common cell segmentation method. The algorithm
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1. A membrane stain-based approach is superior to a nuclear expansion-
based approach

| | 2. Use of a membrane stain in assisting a human quantifier is superior to

s R | relying solely on hematoxylin for cell identification
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